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W Kapitel 5: Die Maximum-Likelihood-Methode (ML)
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WDF und 1 Stichprobe, n=50 log L(T) Funktion der Stichprobe

1

g h; [ rar 2 tAt, ()
0.8 S :
-SI-
0.6) -
0.4 L
=515
0.2 :
ly splbs
{ T
~ = 4
% (c) o = (@
:;:_«c S [ n=5 ‘
= S n=20
s e
1:— - \1
2
h.. f L t
ML-Schatzer fur 500 WDF der ML-Schatzwert

Stichproben, jeweils n=50



	Folie 1
	Maximum likelihood estimators
	ML example:  mean of Gaussian pdf
	Slide 4
	ML example:  parameter of exponential pdf (II)

